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Abstract Schema matching, the problem of finding semantic correspondences between elements of two schemas,plays a key role in
many applications ,such as data warehouse,heterogeneous data sources integration and semantic Web. Currently,schema matching is
largely performed manually by domain experts,thus a time-consuming and labor-intensive process. In this paper,we describe a multi-
strategy schema matching framework, which can combine multiple matching strategies flexibly and its architecture is extensible to new
matchers. We adopt an approach based on semantic distances between words to compute their semantic similarity. We propose a
structural matching algorithm based on semantic similarity propagation.which consider the effect between neighboring nodes. After

describe our approach,we present experiment results on several real-world domains,and show that the approach discovers semantic

mappings with a high degree of accuracy-
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