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Classification by Essential Emerging Patterns

FAN Ming LIU Meng-Xu ZHAO Hong-Ling
(Department of Computer Science, Zhengzhou University, Zhengzhou 450052)

Abstract Emerging patterns (EPs)are itemsets whose supports change significantly from one data class to another.
It has been shown that they are useful for constructing accurate classifiers. However,the existing EP-based classifiers
may suffer from two major deficiencies: (1)they use a large number of EPs,which may lead to high processing over-
head; and (2)their scoring method based on growth rate and support may reduce the contribution of EPs with high
differentiating power and low support,which may lead to misclassification. This work proposes a novel classification
method ,CEEP (Classification by Essential Emerging Patterns),which uses a special kind of EPs,called essential E-
merging Patterns (eEPs),and a growth-rate-based scoring method to construct classifiers. Mining eEPs is much easer
than mining EPs,and using eEPs only is sufficient to construct accurate classifiers. Our experiment study carried on
12 benchmark datasets from the UCI Machine Learning Repository shows that CEEP performs comparably with other
state-of-the-art classification methods such as NB,C5. 0,CBA,CMAR,CAEP and BCEP in terms of overall predictive

accuracy-.
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Heart 82. 22 76. 30 81. 90 82. 20 83.70 81. 85 84.07
Tono 89.45 91.45 92. 30 91.50 89.76 93.24 92.57
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