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Abstract Under the background of the Internet society, the advanced manufacturing models need to realize collabora-
tion between intra-firm and inter-enterprise from information, social and services. As a new type of manufacturing
mode, social manufacturing can adapt to the future socialization,service and large-scale personalized manufacturing envi-
ronment,and it can solve the problem of multi-participants’ resource sharing,collaboration and interaction in the future
manufacturing industry,so it is important to research on this issue. However, the complexity of the social manufacturing
system has led to the difficulties of modeling and evaluating the cooperation strategy which has attracted the attention of
many researchers. Therefore, this paper presented a social manufacturing computing model based on SLE paradigm in-
cluding three parts:individual model,interaction model and social model,and further introduced the idea of computatio-

nal experiment. The calculation of experiment shows that this model is feasible and effective. It plays a role in promoting

the research of social manufacturing.
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