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Test Case Selection Technique Based on Semi-supervised Clustering Method
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Abstract The purpose of regression testing is to ensure that no new faults are introduced into software after modifica-
tions, The case of regression test is increasing with the evolution of software, the software of so test selection techniques
are used to control costs. In recent years, cluster analysis techniques are applied to test selection problem. We proposed
a novel method called discriminative semi-supervised K-means clustering method (DSKM) , which introduces semi-su-
pervised learning clustering technology. Through DSKM, hidden pairwise constraints information is mined from the test
execution history. By taking advantage of a large number of unlabeled samples and a small amount of labeled samples,

DSKM can optimize the results of the cluster,and further optimize test case selection results, Experiment shows that

compared with Constrained-Kmeans algorithm and SSKM method, DSKM is more effective.
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