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Attribute Reduction of Partially-known Formal Concept Lattices for Incomplete Contexts

WANG Zhen WEI Ling

(Department of Mathematics, Northwest University, Xi’an 710127, China)

Abstract Partially-known formal concept, which was proposed recently, lays the foundation of data analysis of incom-

plete contexts and also provides the thought of studying on attribute reduction. This paper firstly proposed four kinds of

attribute reduction: partially-known formal concept lattice reduction, meet(join)-irreducible elements preserving reduc-

tion and partially-known object formal concept preserving reduction. And then, it discussed the relationships among the

four kinds of reduction, Finally, it presented the approaches to finding these reduction by discernibility matrices and dis-

cernibility functions,
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Table 1 Incomplete formal context(U,A,V,I)
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Fig. 2 Relationships among four kinds of consistent sets
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