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Digital Modulation Signal Recognition Method Based on ST-RFT Algorithm

LIU Dan MA Xiu-rong SHAN Yun-long

(School of Computer and Communication Engineering, Tianjin University of Technology, Tianjin 300384, China)
Abstract In this paper,the short-time Ramanujan Fourier transform(ST-RFT) algorithm was applied in the research of
modulation signal recognition to obtain a new method which can improve the correct recognition rate in low signal-to-
noise ratio(SNR) environment. The modulation signals recognition was achieved by normalized ST-RFT spectrogram
calculation, characteristic parameters extraction and threshold decision. The simulation results show that when SNR is 0
dB, the average correct recognition rate of the method based on ST-RFT algorithm can reach 90 % , which is increased by
10.4% compared with that based on spectrogram time-frequency analysis algorithm. Especially, the correct recognition
rate of the proposed method for 4FSK signal can increased by 9% compared with that of the method based on instanta-

neous amplitude and instantaneous frequency features. The effectiveness and reliability of the proposed method in low

SNR are proved by simulation results.
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Table 1 Cz values of digital modulation signals without noise
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