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Abstract

tion fields. Remote sensing image, especially hyperspectral images combine spatial and spectral information in one data

How to analysis and recognize image accurately is an important issue in computer vision and pattern recogni-

cube, In this paper, we proposed a band grouping feature selection method, then extracted morphology features. A fea-
ture selection algorithm called recursive feature elimination was applied to decrease the dimensionality of the input mor-

phology features data. A support vector machine was used for the final classification. Experiments performed on real hy-

perspectral images, confirm that it is efficient using band grouping and mathematical morphology.
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