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Abstract

tions. However, many existing fuzzy rough set models only use simple fusions of a set of binary relations,and these fu-

Fuzzy rough set is an extension of classical rough set by considering requirements of the practical applica-

sions are not adjustable. To solve such problem, an adjustable fuzzy rough set was proposed by using a parameterized bi-
nary operator. Moreover, the approximate quality was regarded as a measurement and then the heuristic algorithm was
used to calculate the reduction of adjustable fuzzy rough set. Finally, the approximate quality and the reduction of ad-
justable fuzzy rough set were compared with those of the strong fuzzy rough set and the weak fuzzy rough set respec-

tively. The experimental results show that adjustable fuzzy rough set is a generalization of both strong and weak fuzzy
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rough sets.
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