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Abstract This specification is set for the theses to be published in computer applications and software, including fonts,
margins, page size and print area. MapReduce is the standard parallel computing model on big data analysis. Ideally, a
MapReduce system should make all nodes involved in computation highly load balancing, and minimize space usage,
CPU, disk and network overhead. In fact, these principles are the MapReduce algorithm design guidelines. However, few
studies on optimization achieve all these metrics simultanecusly. To solve this problem, this paper firstly presented the
criterions of optimal MapReduce algorithms, which should keep excellent parallelism and optimize all metrics simultane-
ously. In this paper, we studied sorting algorithm, which is the most important algorithm on data processing, and pro-

posed an optimal sorting algorithm under MapReduce paradigm. Then we illustrated the effectiveness and efficiency by
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the theory and experiments.
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