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Perturbation Guided Ant Colony Optimization

DUAN Xi YANG Qun CHEN Bing LI Yuan-zhen
(Department of Computer Science and Technology, Nanjing University of Aeronautics and Astronautics, Nanjing 210016, China)

Abstract  The hybridizations of Ant Colony Optimization( ACO) with Guided Local Search(GLS) can be used to solve
the problem that ACQO is easily trapped in local optima. However, there is a problem that the algorithmic optima prema-
turely converges to suboptimal solutions. This paper presented a Perturbation Guided Ant Colony Optimization( PGA-
CO) algorithm to avoid the problem. A proposed perturbation method is used to move current solution to a neighbor so-
lution space to build new global optimal solutions when the algorithm is prone to premature convergence. The experi-

mental results show that PGACO can effectively avoid a premature convergence of the algorithm to suboptimal solu-

tions, PGACO can generate a better solution, simultaneously has a better global search capability.
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