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Abstract

dependency of decision attribute and condition attribute,and does not consider the correlation between the condition at-

In the classical rough set, the reduction algorithm based on significance for decision table only considers the

tributes in reduct. The reduct calculated with this kind of algorithm may include redundant attributes. In order to deal
with this problem,an improved algorithm was proposed in this paper, which calculates the reduct with the principle of
minimum correlation and maximum dependency. Compared with the reduction algorithm based on significance for deci-
sion table, less attributes are remained in the reducts calculated with the proposed algorithm,and the redundancy of the

reduct is smaller. The experimental results show that the proposed algorithm outperforms the reduction algorithm based

on significance for decision table,
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