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Recognition Model of Microblog Opinion Leaders Based on Sentiment Orientation Analysis
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Abstract The current methods of opinion leaders are numerous. Existing methods include the comprehensive analysis
method for user’s personalized features and the analysis method based on the structure of social networks. These methods
only consider the characteristics of the users, but ignore the interaction between the users,or not take the microblog
sentiment factors into consideration. Therefore, this paper proposed a microblog opinion leader identification method
based on microblog emotional analysis. First of all, support vector machine is used to do emotional analysis on microblog
context based on the synthetically emotional dictionary word frequency statistics results. And then the variation coeffi-
cient method is used in microblog attribute weight calculation to reflect the influence of microblog. Finally, the Page-
Rank algorithm is employed to predict the diffusion process of users’ influence in the microblog,and the final influence

of users is calculated. On the Sina microblog dataset,the proposed model is tested and compared with the other methods

based on user attribute analysis and PageRank using the forwarding rate and coverage index. The experimental results

show the superiority of proposed method.
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Fig. 1 Sentiment orientation analysis model of microblog content
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Table 3 Construction of microblog sentiment lexicons
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Table 4 Weight statistical results of variation coefficient based

on microblog set

E, E, E; E, E; Es
Cy &S A% 2.1247  1.6361  1.9493  5.9605  0.6104  1.4967
C, RE 0.1542  0.1187  0.1415  0.4326  0.0443  0.1086
C, B A% 2.6256  3.4788  1.5950  2.2447  0.4895  0.5569
Co, ME 0.2389  0.3165  0.1451  0.2042  0.0445  0.0507
Cy &A% 1.9407  1.6381  2.1070  3.1415  0.6902  1.0567
C; WE 0.1835  0.1549  0.1993  0.2971  0.0653  0.0999
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Table 5 Opinion leader microblog forwarding rate of sample data

among three methods

. R /%
i 2; JA A ouid JA Fﬁ 1E Pag\e}?ank U
VS 7k
1 uy 1618051664 3.75 3.75 3.75
2 uy 2656274875 0.81 — 0. 81
3 Uy 2286908003 0.15 — —
1 uy 1893801487 0.63 — —
5 us 1638782947 0.98 - 0.98
6 ug 1699432410 0.51 — —
uy 1649173367 0.14 - —
8 ug 1642088277 0. 90 - -
9 ug 1644489953 0. 30 - —
10 wyy 2032139271 0.09 - -
11 w;, 1266058190 - 1.90 1. 90
12 Uy 2165372481 — 2.65 2.65
13 Upy 1885454921 — 3. 00 3. 00
14 Uy 3512454351 - 4.03 4.03
15 Uys 1743951792 — 2.18 2.18
16 Uy 2111717203 — 7.20 7.20
17 Uy 3276353050 - 3.46 3.46
18 ulg 1093974672 — 3.52 3.52
19 Upg 3209903582 — 3.19 3.19
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Fig. 3 Opinion leader microblog forwarding rate based on user

attribute value method
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Fig.4 Opinion leader microblog forwarding rate based on

PageRank method
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Fig. 5 Opinion leader microblog forwarding rate based on our method
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Fig. 6 Comparison among three methods based on user coverage
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