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Abstract

framework of mainstream methods includes visual feature detection, action representation and action classification. Ac-

Human action recognition has become a hot and difficult spot currently in the domain of computer vision. The

tion recognition in simple scenes has been implemented at present. This paper introduced in detail the research of human
action recognition in realistic scenes from perspectives of research scope, feature detection,and action modeling. Unlike
several recent published researches, we analyzed the state-of-the-arts and advances of this field,such as pose estimation,

sparse coding based or deep learning based human action representation etc. Finally, the problems, difficulties as well as
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possible solutions were discussed.
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