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Mining Spatial Co-location Pattern with Multiresolution Pruning and Local Clustering Algorithm
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(Jiangxi University of Science and Technology, Nanchang 330013, China)

Abstract

The traditional co-location pattern mining algorithms take the mining method that connects each furture in-

stance one by one, As a result, they often consume a large amount of time and space resources, even they are unable to

dig out the final results because memory resources are over consumed, especially in the face of a large quantity of data

case. Therefore, an efficient multiresolution pruning and local clustering algorithm (MP_LC) was proposed. The MP_

LC algorithm firstly divides the data region into grids, then clusteres the instances of each feature in each grid, and cal-

culates the centroid of the instances contained by each cluster, replaces the instance set by the centroid, and finally con-

tinues to subsequent mining work. A large number of experimental results indicate that the MP_LC algorithm has high

efficiency, high accuracy,and good practical application value.
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