F4aE FUAH

[ S

20144 11 H Computer Science

Nov 2014

ETHTENEEARBGARE X

, B & O =
(I FEARFRFESRGERFHR R 610068 (EFRFAZEREAEZEE R 611731)2

W E BHARATRAMRM B LR BELEY S ERBEMIFT ik, CRAMARE BHE HBEREAR
ALERF SHARXIG—NHFH. AR PLEEGAABAPRALS AR TRLH L BT LY AN ES
B Sigoreww (@O RBATRE L ARG R Tk, ZRATHBERAARALORE RETATETEAGOME K
#, KRB HEERTUARA THAMBEYG AL CTRAATEAF ARG A%, HAETRIEET ERA 00,
*giE BAE. eRrBEE ERELE, BERLH

REESHS TPIS XERIRE A

Improved Algorithm of Attribute Reduction Based on Granular Computing
TANG Xiao"* SHU Lan'

(School of Mathematics, Sichuan Normal University, Chengdu 610068, China)!
(School of Mathematical Sciences, University of Electronic Science and Technology of China, Chengdu 611731, China)?

Abstract Granular computing is a method of multilayer granular structure analysis based on problem solving, pattern
classification and information processing. It is a new multidisciplinary cross discipline between rough sets, fuzzy sets,da-
ta mining and artificial intelligence. Some important properties of granular computing were discussed as well as the re-
duction algorithm, The traditional reduction algorithm based on granular computing is gradually calculated with reduc-
tion Core(A) ,but some information systems may have no reduction core, In this case,an improved reduction algorithm

based on attribute significance of granular computing was proposed. The algorithm can be used in system with both re-
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. duction core and no reduction core. Finally, experiments show the feasibility of the algorithm.
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