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Abstract This paper surveyed domestic and international research of Web page classification, analyzed core technolo-
gies of Web page classification, including ideas, algorithms, formulas and evaluation criteria, In order to attack Internet
Pyramid Selling,it is necessary to accurately identify and classify Internet Pyramid Selling Web pages. According to
“maximum content length” of Web page, its “information page” probability is calculated. Web page classification mathe-
matical model is deduced through strict formulas. Above mathematical model has been applied, and “National MLM Mo-
nitor Center” effectively classifies Internet Pyramid Selling Web pages using above model.
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