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Abstract Currently, service types, features of network traffic are changing constantly, but existing classification meth-
ods aren’t able to satisfy such network traffic environment, because they lack capability to update features library effi-
ciently,and have high misjudgement rate. So a subspace clustering algorithm was designed to test classification proper-
ties. Experemnts show that it can classify lots of business types,its classification precision rate exceeds 95% sand quan-

tity demand of training samples is low. It is recommended to help DPI classifier adapt to changing network environ-
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