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Abstract For the past few years,the amount of computer crime has been increasing year by yearsand it is threatening
various aspects of human society such as national politics, economy,and culture, etc. In modern society, the research on
intrusion forensics and intrusion detection plays a significant role for {ighting against computer crime, tracing intrusion,
patching vulnerability and improving security system of computer network. However, with the popularity of Internet
and the improving capacity of computers’ storage,we often need to handle mass data about GB size,even up to TB size
for intrusion forensics and intrusion detection. It inevitably makes much useful information submerge in redundant
events, which brings about a huge challenge and low accuracy of analysis result. So it will be a topmost breakthrough to
design a kind of technology for reducing redundant data and improving its accuracy and efficiency. This paper summa-
rized several methods on intrusion forensics and intrusion detection, Firstly, this paper discoursed the development
course of redundancy-reducing techniques and the application in traditional field such as medical domain. Then it sys-
tematically introduced all kinds of redundancy-reducing methods in intrusion forensics and intrusion detection. Finally, it
figured out the existing problems and research direction in the future. It also gave some conclusions through the compar-
ison on current situation of redundant data reducing techniques.
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F7T,SVMs Bt R & IR T B AR AF A RIE 8 AL SR
F i

HAErC A rR & # LR BR A T8 g8 25 B FEUIE
Hréns, LB AT B0k B sh kB M BUES 2 BTS2
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