a4l HFIIAM

R

Computer Science Nov 2014

2014 4E 11 H

BT 4 8 5 ELE N RS W AR 5

BEX £ W2 T K B BRY RKRER
(PEMFEEETFHFER J3E 10087 (P AR F BT B L2 B
(PEMEFREGURKAFARLEF S £ 214135)°

Bl 215347)°

 E BHL.AHKXAAANERYEMNX S RABETHESG T, T EHNEBPFAFHEIRTH . AT L
BRI BT AV BRM., RBRATENGFTELUNA A S TREONESY, 237 PR ey £i5iE
FHEN S RAGRB TR BFEEBED AR BRAYESERN BRI LAGLEZ, REBELFETA LA PSR
BRAERYHARGFLEEER R . EERBNERYRAELSGERAMRRAGLAL TS E R FA AT ERT
MRS ik BREMEHLAMGRIR, REERABHRKAEREHIMEAE M BR T O HRERSE, &
R %M KR, R B R A TN B EIRE T A ORI AT RS T & T REG AR,

KR FHRANAA . EHRFEHR, RAESD, A EEHEH

hEZESES TP751.1 X#EERIRE A

Research of Obstacle Detection Based on Aerial Panorama Image

CHANG Jia-yi'? QIN Rui*? LI Qing®® CHEN Xi#? XU Jian-jun®
(Institute of Microelectronics, Chinese Academy of Sciences, Beijing 100871, China)!
(Kunshan Department, Institute of Microelectronics of Chinese Academy of Sciences, Kunshan 215347, China)?

(Chinese Internet of Things Center, Chinese Academy of Sciences, Wuxi 214135, China)?

Abstract

all the threats of obstacles to driving. Different from the method above, we detected all the obstacles taller than the

At present, feature-based method is used to detect vehicles and pedestrians of panorama images,can not avoid

ground plane using motion-based method. First, we built the vehicle motion model, then deducd the relation-ship of vehi-
cle motion, obstacle height and pixel optical-flow. Taking advantage of the fact that vertical views of adjacent cameras
overlap each other and obstacle points in overlapping region have two different optical flows, we detected obstacles in in-
tersection areas, fastened the solving of optimal motion parameters, At last, we detected all the obstacles using the mo-

tion compensated image. The vehicle experiments on the road demonstrate that the method proposed by us can detect all
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the obstacles taller than the ground effectively when vehicles are on the flat road.

Keywords Vehicle around view system, Inverse projection transformation, Optical-flow, Ego-motion estimation
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