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Research on Rule Engine for Automatic Identification of Relational Words in Chinese Complex Sentences
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Abstract In recent years, the study of the rules engine has achieved fruitful results. It brings new ways and ideas to the

processing of Chinese complex sentences. In this paper, we designed a rule engine for automatic identification of relational

words in Chinese complex sentences, A pattern-matching strategy to select relation words set, a’ eliminate contains max-

imizing strategy’ to eliminate the conflict rules,and a ‘front cover strategy’ to select final result were designed. By u-

sing the three strategies in rule engine, the efficiency and accuracy of identification of relational words in Chinese com-

plex sentences are improved.
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