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Abstract

mining. Text classification is a data mining technology with high dimensions and most of the classifying algorithms are

Words are the basic elements of Chinese text, and Chinese language model plays a key role in Chinese text

sensitive to the dimensions. As a result, the classification depends on the quantity of vocabularies, Besides, most of cur-
rent Chinese language models are based on statistical theory,such as N-gram mode! and other improved models. Howe-
ver, these statistical models are disadvantaged with computational complexity. In order to improve the quantity and effi-
ciency, this paper gave Chinese words a new definition based on association rules, and proposed the Auto-word algo-
rithm, by which a word vocabulary is constructed automatically and used for Chinese text mining. Finally, the efficiency
of the Auto-word algorithm was proved by experiment,
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B CAZHE R AA HENMERY &, AFEAHENF
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BERIA N-gram i5 5 B R FIBGHEB RS . N-gram iE 5 A
ETF—MREHE NI FHERE 58 N—1 M FAHE%,
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(tri-gram) , 2§ N BB B AT L@ s #0827 1 B R Bt
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LAPRA AR AL AR K & B, R A 7] 57 43 i AL 57
"ARK2®E”, BELE, —XFFFIZELRERR N —1F
iE, FEREFENEXFFIIEM T RE—MER ., MR
SCFFFIRETT A A B R A RE S HRE, BAKLFF
BN T — A O RSO 2R

EX 3XFFFINERRE XFFIINEREERER
SCFFRBIFR R AR B (R AR B A0 SRZ S0 7 5 AR AR
G MECF I BREE R LA, EXFFFE— TR
ENARFSFREE—NBETHT I RFER, R
NIRRT IR ERE. B

{ minP (™ |w}), BEERHFS
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b REFLER R4

REE XS FARRERITA BTN CFEFII L BEE
R LAFEITE, S FRESTERRGWICFF, KL
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_ . Support(w;)
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EX 4 MB-AXFFIEFRHER/NIEEMSR
NERERA R, B2 EICFE TN AR — A S iRiE
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BN XS BN BEER XTSI BARE 8 54 2
BN, LA EARBRRAEE BWRESNE
TEBBTR 4 BRI SR M 1RE AR A B i S B A kS
WIENE SO HIET . MR, IR —ERAR N EEX
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BN EFHEER—MITERRE RNE
B, th a0 Apriori BN | Trie FMUR B 2, & Ti#E
FE B ESEMNENFHABRNTFY EiREPFSF2ZHE
TFHEAG BT X R . ASCHE Trie FHM B IR ZM .32
HT —F & A3 b SOk CIRE SR KB B, #RA Auto-
word &3k,

5 Trie FHME AL, Auto-word B L5 8 X BN
KRR AP B S — W B, SR B BN R E R
A I Trie 11 5B W B, AR B & 7L RIRH % 2 B/
FHEMB/NEEENEERMN, P EBIEIE. HE Trie
FRHREWE, EF B B, Auto-word B H B 1 7T 68
HIETR B BT B4R , 0 5 9 B 3 IR 7T 3 o 2 LT 76k
B FHA Y, T Trie S7 803 B3R IRIN B B BLASRR AN
FFF BN 7 % 5 55 BB, Auto-word B IR BR IR B
FRI 2 2388 7 S, W SO PR Re A R R SE BRI
WAy AR SE TR AL ) B 3C S B B A R A I R R A S L
H L B NMERZIFS, T Trie F MM B 2R % BEFE MK LN
FUI3E 7 L
3.1 BEXFFIARE

PSCA R R/ R B TIHERESEN LFH
BB, FTAR IR B K A 35 F 5 19 B 2 (Longest Common Sub-
sequence, LCS) KB SCEAH B K HSCEFFINE, A0
LCS By 7 fgei 3h B 7T FR B A 3CI5 8] H BT A 7l BB A A RS
HXFEFFEIN BELBRAINT 3 5.

FH—F MELEERE Matrix, IRFAEASRN A,
B, ARFEHNHEN N m, BHREHEEN N, HBREKERKE—
A men R, TEBREOR 1. AbE A FE5BHE;
NFOE, RS, TTE G, HBEN 1L, JRH 0,8
1, A=B,

0, A#B,

BT IRKEAT 1HARTEI. THRIIEES
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Algorithm; Find_CS(){
1. global Matrix; //2RZE &, WBOERE

2.1=1;

3. while( i<Zm)

4.4

5. j=1;

6 while(j<In)

7. {

8. i (Matrix[i1[{]==1
9 {

10. Matrix[i]{j] = Matrix[i—1][j—1] + 1;
11, }

12, j++;

13. }

14, i++;

15, )

16. }

A1l FRKEXT LA TFA

B=4 BERAXTFI. AREMXFEFINEES
it TFEAINRKRERT 2 WALTFRFS,. KPR AREER
— LT REFIRE . B, R L AN RE AT
B—NAHFRILMARFFI L AEEEEN—
MAFFIFY], BEWE 2 R,

Algorithm: Get_res() {

1. global Matrix; //& B8, WHERE

2. Results=[]

3. i=m;

4, while(Gi—>>1)

5.¢

6. j=n;

7.  whileG—>1)

8. |

9. if(Matrix[iJ[j1>1)

10, {

11. Results. append(M. substr(i+1— Matrix[i][j],
Matrix[i1[j1));

12, ii=i—1;

13. i=i—1;

14, while(Matrix{ii][jj]>0)

15, {

16. Matrix[ii— -~ ][jj— —1=0;

17, }

18, b

19. )}

20, }
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WA, BTN UREERE N CFEFIRE LA
EEER. R1EB-AXFFIES B 3 ARFIIERET
BL#F S . MOCFRFFI5E &1 KR, B 7R R A
XFFIIMEE RS XFFIIRKER X,

#1 XFFIEEGRH
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% 16
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FEAR 5
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B3 SCFIFFISA NN F s

3.3 E@miRiE
5 Trie FHW B ARFE , Auto-word B L 7E 15 858 < BX
MR R Z R, B AR F R AT
BRI REE L 3P EFEITEAXRUEE NN
BRE  FIWT R & v BUR SR , 254 50 S R U Bl 2 52
FiAlE , BN MERZ TR R R RE DT 3 MRS F
BEFFINEEE. B2 iEiEnt, 6 P57 88 f o &
1 B BE A SRR T B (visit B0, By iR I 4 B R,
Algorithm: visit()
{
Global Dicttree; //2 AR, F i
queue="[1; //BIEZ AT
For child in Dicttree, root. children{
Queue. append(child); //% 37 55 B A BT R HE
}
While( ! queue. empty() ){ //#KKABE A
node = queue, popfirst();// KBRS L EBFRELTT &
Sequence=get_seq(Dicttree, node) ; / /4B #E X4 /i1 BHAKE T3]
If(judge(Dicttree, sequence) ) { / /3 7 B 5 & 549 B ia1E
Node. is_word="True; //#iZ17 SiriRKEHE
}
For child in node. children{
queue. append(child) ;
}

B4t R LSRR R

EFRAFHE LS, BT get_seq BB LI K judge B
B, o get_seq BRBGE T F AR Y S B AT S HEE B K
KRBT S X R A SCF I FY s judge BT E X FFFHINE
EEFHREE XL 4 HBZ X FERI R RENE, HERH
RWE 5 R,



Algorithm. judge(Dicttree, sequence)
{
idx=0;
confidence=1; //BIGEMBLR 1;
While(idx<Csequence. length) {
idx+—+;
s1= sequence, sub(0,i); //FRBLATFIF5
s2==sequence, sub(i, sequence. length) ; / /3K BUS T 55
Tf(is_word(s1) &.&.is_word(s2)){ //MIRA R4y
of= sequence. frequence/sl. frequence; //i1 B BEE
confidence=min(cf, confidence) ; //B{E BB/
}
}
return confidence>>MIN_CONFIDENCE; //£Z&#HE 8/ NBEFE

B 5 AWOCT IR TH RIRE N E T

237 visit BILR T FRNZ 5, PR P RKXWXEF
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3.4 XB

EEEAMNE N F —REdHEREREP MG HER
RAES . R R BRSO FIERER SPTA B iE
EHRAED; BERE A SBOE HHEA TIREFRE
ENR S ATRRBENIE. EHERNEERNITEY
HETFHEVBEAME X EFTHANAE NN FERGaEHRF
P FAE EIE R ZETES S TEARXN.
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A SR B A 3, SEIe AR AR B A S 81 I Cchi-
nanews, com) fJ 10 J7ig P 3 M B, BIBL 5, Auto-word B i
B/NE R ERUE 0. 001, B/MNEE BEBUE 0. 05, B 43 51
P oA = SO ALAY N-gram B3k, 1958 B EUE 10,
EFREERNEAFRE RS REFT 3 fEEL I8R5 A B
FESER BT, R e R A R AL AR Y 5 T 1
ERAERME F. 4R thing 2 5Fsl.

F2 AOCERE T, SRR R
#a FELE BfTHEG) BHE FHEF ARH

ZiEEMA 21534 816 0. 654 0. 696 0. 674
CZhREEHEA 18412 2141 0. 739 0. 645 0. 689
AFEMUME 28124 965 0.751  0.675  0.711

mE 2B, 5% A Ngram B FERMH, &3
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EEAE, Faf R AR E NS TR,

TR ARB/NZFEFEERT Auto-word BILIEITH
FEIRTHG . IR0 I 45 90 45 S 0t B/ SRR R BUE B
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{ERBAAERR R, BER TR, F3GETRERRY
B/, %t o 30T B M (chinanews, com) 89 10 J7 &5 53
R DT HAT IR B , SE IR A5 R QN 3 FTF.

#3 ARB/PXFETREZESR LR

BAXEE ABRKE SAREG) fak BEEF AEH
0. 0005 43789 3701 0. 446 0.778 0. 567
0.001 28124 965 0.751 0. 675 0.711
0.002 11673 508 0. 803 0.411 0. 544
0. 004 3925 135 0. 894 0.127 0. 222
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PEE B RN SR, LR AR BB R 3R
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BN B Xt s SORE AT RE S0 7 BB Rl BRI T Au-
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FERT , ] LARRAR SCAAFAE 25 (IO 4K B, IR I RIB R B . 500
UEBA, A SR TR S B L A Ngram B SR EH
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