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Abstract

This paper presented a unified approach for automatic image segmentation. In order to segment the image into

homogenous regions,a two-stage method was proposed. Firstly,an improved simple linear iterative clustering method is

adopted for the over-segmentation of the image. Then,color moments of each local region are computed to represent the

region.and the affinity propagation clustering 1s adopted to merge the regions which are segmented in the first stage.

Numerous experiments were conducted on public available datasets to demonstrate the effectiveness and robustness of

the proposed algorithm.
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