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Abstract The theories and algorithms based on machine learning on video target tracking become an important direc-
tion of development. On-line learning, through continuous learning and update of the sample to adapt background envi-
ronment and the change of target, performs better in target tracking. According to the characteristics of the algorithms,
the on-line learning methods is divided into ensemble learning method, discriminant learning method and kernel learning

method. The detailed descriptions of the representative methods for each class were presented. Finally, the challenges of
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applying machine learning to target tracking and some interesting research trends were pointed out.
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