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New Method of Microblog Classification Based on Feature Weighted Language Model

CUI Weina
(Information Technology Branch,Changchun Vocational Institute of Technology,Changchun 130033, China)

Abstract Microblog as a new social media has been rapid development. Microblog rapid development brings conven-
ience to people at the same time,also makes people swimming in the ocean of information. Aiming at the increase in mi-
croblog presented the problem of information overload,microblog retrieval has become an important research topic. For
microblog retrieval, this paper proposed a new microblog retrieval method based on feature weighted language model,
and this method is mainly used in microblog statistical characteristics and semantic characteristics of combined to solve
the retrieval problem of the microblog. Experiments were performed on the real annotation data set extracted from sina
microblog,and the comparative experimental results show that the proposed method is an effective retrieval method.
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