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Level Set Medical Image Segmentation Method Combining Watershed Algorithm

ZHANG Hui ZHU Jia-ming CHEN Jing WU Jie
(School of Information Engineering, Yangzhou University, Yangzhou 225127 ,China)

Abstract Complex targets of medical image are usually difficult to be completely segmented, so an image segmentation
algorithm of modified L.i model combining mark watershed algorithm was proposed. A symbol pressure function replaces
the traditional stop function in Modified Li model,and the problem of unidirectional curve evolution is solved. Mark wa-
tershed has both stronger ability to suppress noise and stronger ability to capture weak edge of medical image. Firstly,
mark watershed algorithm is used for image segmentation pretreatment, positioning information of target edge fast and
accurately. Then, the modified Li model algorithm is introduced,and the symbol pressure function is used to guide curve
evolution direction and control the size of the evolution speed,realizing {ull segmentation of complex object. The experi-
mental results show that global information and edge information can be gooten,and the combination algorithm of com-
plex targets can get satisfactory effect in the medical image segmentation.
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