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Research Advance of Facial Expression Recognition
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Abstract Facial expression recognition (FER) is an active research topic in the fields of computer vision, machine
learning and artificial intelligence,and has become a hot research. In this paper,we introduced the FER system proces-
ses,summarized the common method of facial expression feature extraction and facial expression classification,as well
as the improvement of these methods proposed by domestic and foreign scholars in recent years,and compared the ad-
vantages and disadvantages of these methods. Finally, the current difficult problems of FER studies were analyzed, and
the future development direction of FER was presented.
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