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Abstract The performance of a search engine is determined by its ranking algorithm. A novel ranking algorithm was
proposed which combines the webpage content and its hyperlinks. Spectral clustering is used for analyzing the webpage
content and the PageRank value is used for scoring the quality of hyperlinks. Then, final ranking results are generated

based on the content relevant value and hyperlink relevant value. Experimental results show that the proposed ranking

algorithm is better than traditional ranking algorithms such as TF-IDF,PageRank and HITS,
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