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Novel Anomaly Detection Method of Online Sfreaming Data

DING Zhi-guo MO Yu-chang YANG Fan
(College of Mathematics, Physics and Information Engineering, Zhejiang Normal University, Jinhua 321004, China)

Abstract Streaming data has some unique characteristics such as massive, unlimited generation, dynanmic variation dis-
tribution and unbalanced data distribution and so on, which make the anomaly detection for streaming data become a re-
search hot spot. An obvious characteristic of anomalous sample is “few and different” compared to these normal data,
which makes it more easily to be isolated than normal data by the partition of stochastic space. In this paper,a novel on-
line anomaly detection method for streaming data was proposed based on the isolation principle and online ensemble

learning theory. Experiments conducted on four UCI datasets demonstrate the effectiveness of the proposed method.
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