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Abstract Aiming at the problem of very few corpora resources,a semi-supervised learning based approach for Lao part
of speech Tagging was presented. Firstly, a simple probability model is used to obtain a complete dictionary with a small
amount of tagged dictionary and untagged corpus, then much more automatically tagged corpus with integer program-
ming are obtained. Finally, a second-order Markov model with sufficient corpus resources is trained to realize a high
quality Lao part of speech tagging, This method achieves a good result in Lao part of speech tagging,and its accuracy is
up to 89. 8%.
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1 a adjective g

2 c conjunction (1]

3 d adverb P

4 e exclamation ouiieg

5 i idiom ity

6 r abbreviation %ﬁimaugﬁn
7 m numeral iy, &otheda
8 n general noun 83

9 dn direction noun Yo

10 pn Person name Domeuyuaasy
11 In location name Ry

12 on  organization name S9naunauealan
13 q quantifier deu

14 p preposition Tu

15 v verb naudaiuga
16 pr pronoun won(8n
17 om onomatopoeia uBnasy
18 au auxiliary 209, Gu

19 pu punctuation
20 X non-lexeme
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