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Review of Remote Sensing Image Classification Based on Support Vector Machine
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Abstract Remote sensing technology is an important technology of studying the earth mineral resources and energy.
Remote sensing image classification plays a key role in the application of remote sensing technology. Support vector ma-
chine(SVM) is a machine learning method based on VC dimension( Vapnik-Chervonenkis Dimension) theory and struc-
tural risk minimization principle, which has been widely used in the actual remote sensing image classification. Domestic
and foreign scholars have done a lot of research about it and these studies were systematically summarized in this paper.
The remote sensing image classification methods based on the support vector machine is reviewed hierarchically, that is,
the principle and characteristics of each method were analyzed and compared laterally and vertically. The research status
of the remote sensing image classification based on the support vector machine was summarized systematically and com-

pletely in this paper. Finally, the future development direction of support vector machine algorithm applied in the remote

sensing image classification was pointed out,
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