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Fatigue Recognition Based on Spare Representation

NIU Geng-tian WANG Chang-ming MENG Hong-bo
(School of Mechanical Engineering, Nanjing University of Science and Technology, Nanjing 210094, China)

Abstract In order to solve the traffic safety problems caused by fatigue driving,a method based on sparse representa-
tion was proposed to detect the fatigue through face image. In this method, first, Gabor wavelets are used to extract
multi-scale and multi-orientation features. At the same time, considering the execution efficiency of the algorithm, 2D-
PCA is used to reduce the dimension of features. Finally, based on sparse representation theory, the over-complete dic-

tionary of fatigue is constructed and fatigue is identified. The proposed method was tested on the self-built database. Ex-

perimental results show the effectiveness of the proposed method,and the fatigue recognition rate reaches 94. 5%.
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