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Research on Adaptive Genetic Algorithm in Application of Focused Crawler Search Strategy

JING Wen-peng WANG Yu-jian DONG Wei-wei
(College of Information Technology, Beijing Union University, Beijing 100101, China)

Abstract How to design the crawler search strategy to improve the crawler’s coverage and accuracy has become a hot
research point in the focused crawler. Mostly crawler uses best-first search algorithm. Based on the focused crawler
which uses this search strategy will easily plunge into local optimum, we combined genetic algorithm with focused
crawler search strategy. We set dynamic fitness function and genetic-operators to make the crawlers have certain adap-
tive searching adaptability. By comparing with those crawlers which use the other search strategy or which combine

with traditional genetic algorithm search strategy, the experimental results show that this algorithm can partly improve

the crawler search ability.
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