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Research on Weak Relation Social Network and Weak Relation Strengthening Based on Data Mining

PAN Shu-yin  GAO Jian-ling
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Abstract Sina microblog is a representative of the social network which is weakly related. Atming at the relevance
among user behaviors of weak relational social network, this paper analyzed them in clustering and correlation in detail,
and made certain assumptions at the same time. Then we randomly selected a number of topic microblog from different
aspects,and got different number of sample points. Based on these topic microblog, this paper carried out research and

analysis. The results prove the rationality of the hypothesis,and the specific conditions of weak relation getting stronger

Vol. 43 No. 8

are found afterwards.
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4.1 BRXEMTHWENEASH

e FH 3055 ARFRMIGEIHITERRENT, A,
By 2 B (fans) A 2 3 (concern) . i P i i % (blog) .
FIRIRE (collectiom) VE X &, I P id FERTRIE. MEBER
SR P -5 BR S PE RS, 215 (4] FE B SR R4 () X S B BE BT , | T3
WHRAKER L HER SRR L B, B RIS
PR RARRUESER, Ik 1 5rsl,

£ 1 weibo_user HBELERE
Matrix File Input

Case

Fans Concern Blog Collection
Fans 0. 000 111. 415 48, 627 60, 648
Concern 111. 415 0. 000 83.117 103. 376
Blog 48. 627 83.117 0, 000 22. 892
Collection 60, 648 103. 376 22, 892 0. 000

Xt 3055 ARFTIRMIBHAEHITERBRENMT B EIKIE
FRRERE, A 1R,
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Bl 1 weibo_user ERKERIKHE

SHTA BR8I35, F P R B S A P R
RO —28, HABTER & B — 285 AL 2 280, R P 2 0.
R R P OB SO — 26, R P s A R —2%. AP
W SR B 5 P P S R BE S Bl R 5 R P 2 B R A
i, 5 R P R A R R
4.2 BRRUZTMERXMSHF

TR E R AR B, 3 b ) B2 /R BRAH 56 2R Ok BE
BAPBAEC AP RER. R P i8S A P oo 4 4
ZREFHZERKER, B RAEAXRE, K 2 Fr3l.

# 2 weibo_user XA E

Variable Index Fans Blog Collection Concern
Pearson 1 0.347**  0.040* 0,218**
Fans Sig. 0. 000 0. 026 0. 000
N 3055 3055 3055 3055
Pearson 0, 347** 1 0.180"" 0,344
Blog Sig. 0. 000 0. 000 0. 000
N 3055 3055 3055 3055
Pearson  0.040* .0180"" 1 0.180""
Collection Sig. 0. 026 0. 000 0. 000
N 3055 3055 3055 3055
Pearson 0,218 0.344™" 0,180** 1
Concern Sig. 0. 000 0. 000 0. 000
N 3055 3055 3055 3055
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blog X10°
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AP AT AT 54T o

F5b s O T HEBREHE B X AT R R e X 4 — PP IS R
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XHE R E R K ERELIE IR T 1051 SR8 , X K & 5 R 15 B
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1 R B B 15 A M T MR , e 58 &% (repost) L I8 (com-
ment) A (attitude) 3 T HEL &, AR RBEH XL RS
HEEIE 3 A& R,

#3 HERMEXEH

Variable Index Repost Comment Attitude
Pearson 1 0.844™* 0.834™"
Repost Sig, 0. 000 0. 000
N 491 491 491
Pearson 0.844** 1 0.768**
Comment Sig. 0. 000 0. 000
N 491 491 491
Pearson 0.834** 0.768™" 1
Attitude Sig. 0. 000 0. 000
N 491 491 491
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R EIAR S

B R RO 8 W e & IR B 3 MT N AE
A8, I BURBRAK REUMTREIR 4 FRFIER.

F4 ERHEXRY

Variable Index Repost Comment Attitude
Pearson 1 0.777** 0.697*"
Repost Sig. 0. 000 0. 000
N 1051 1051 1051
Pearson 0,777"* 1 0.754*"
Comment Sig. 0. 000 0. 000
N 1051 1051 1051
Pearson 0.697™" 0. 754" 1
Attitude Sig. 0. 000 0. 000
N 1051 1051 1051
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F5 KEHEXRM

Variable Index Repost Comment Attitude
Pearson 1 0.707** 0.873™*
Repost Sig. 0. 000 0. 000
N 1015 1015 1015
Pearson 0.707** 1 0.837%%
Comment Sig. 0. 000 0. 000
N 1015 1015 1015
Pearson 0.873*" 0.837** 1
Attitude Sig. 0. 000 0. 000
N 1015 1015 1015
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W T AR (E AR
ARSI EAR . G R e B E 3 MTAE
R, AR/RFRR AR TTREIR 6 BIFIER.

F6 BEAEXRE
Variable Index Repost Comment Attitude
Pearson 1 0.978**" 0.955**
Repost Sig, 0. 000 @, 000
N 1143 1143 1143
Pearson 0.978** 1 0.939*"
Comment Sig. 0. 000 0. 000
N 1143 1143 1143
Pearson 0.955** 0.939*" 1
Attitude Sig. 0. 000 0. 000
N 1143 1143 1143

St S IR A AT R 3 AN B IR ERAF 7 B 3 A R4
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R7 RRBFRERRE
Variable Index Repost Comment Attitude
Pearson 1 0.565"* 0.578"*
Repost Sig. 0. 000 0. 000
N 718 718 718
Pearson 0.565"" 1 0.916™"
Comment Sig. 0. 000 0. 000
N 718 718 718
Pearson 0.581** 0.916** 1
Attitude Sig. 0. 000 0. 000
N 718 718 718
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#4 MinMax K 3EE R SHHR KB EE

MinMax K 3 & $ 3 5 ¥ % 0l % # K-mean F % #

BEE RRAR BRE THRE HWE REE THAN
% % (ms) 623 23] (ms)
Iris 70.3 20. 8 892 85.6 6.3 916
Ecoli 68.1 25.6 946 79. 3 8.9 1025
Yeast 55.2 36.5 1566 73.4 11.2 1332
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