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Multiclass Text Classification by Golden Selection and Support Vector Domain Description
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Abstract Traditional multiclass text classification methods have disadvantages such as large computation and long
training time. An algorithm based on golden selection and support vector domain description (SVDD) was proposed for
text classification. The proposed method utilizes TF-IDF formula to compute the relative word frequency for each entry,
sorts them in descending order and normalizes the text vector. Then golden selection method is introduced for dimension
reduction, where the number of redundant sample features is no more than one, Finally, SVDD is applied for classifica-
tion, which assigns the test text to the class with the smallest value of the relative class distance. Numerical experiments
on various datasets demonstrate that, the proposed method has better robustness, higher classification accuracy and less

training time, compared with “one-against-one” and “one-against-all” support vector machine. It is more appropriate for

huge text multi-classification problems.
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