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Algorithm for Top-K Keyword Query in Data Streams

ZHENG Shi-min QIN Xiao-lin LIU Liang ZHOU Qian
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Abstract Distributed Top-K keyword query based on the framework of Spark Streaming is a hot research issue, It is
used to count all keywords in data streams. Most studies of Top-K keyword query limit storage space and assume that
the keywords set is known. To solve this problem, we presented a distributed Top-K keyword query algorithm which
can be used in cases where the keywords set is unknown, This algorithm dynamically adjusts the size of storage space

according to monitored keywords and optimizes the updated strategy to improve precision. Experimental results show

that the proposed algorithm under the condition of unknown keywords set has better performance.
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19, error<-true;

20. if count,<Zcount; &.A; >0 then
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