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Abstract The recommendation algorithm based on bipartite networks is a research hotspot in the personalized recom-
mendation system, while the difficulty of research is how to make use of the users’ evaluation resources scientifically to
work out an efficient and accurate recommendation for target users in the absence of rating data. Meanwhile, it has re-
ceived sufficient attention of scholars. Therefore,a new recommendation algorithm was put forward with the monoton-
ous saturation function as weight,and tangent of target users and other projects’ common rating numbers against the
mean value of total users is used as traditional similarity coefficient, At the same time, after the coefficient gets adjus-
ted, the similarity will be sorted in descending order, the set of the first K nearest neighbors of which can be utilized for

target users’ recommendation. The experimental results prove that the revised algorithm improves the accuracy of re-

commendation and reduces its complexity.
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