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Abstract
is difficult to decide the cluster number with CFSFDP, an improved algorithm was presented. With a cluster center auto-

A new density peaks based clustering method (CFSFDP) was introduced in the paper, For the problem that it

matic choosing strategy,the algorithm search for the “turning points” with the trends of cluster center weight’s chan-
ging. Then we could regard a set of points whose weight is bigger than “turning points” as the cluster center. The error
brought by ruling in the decision graph could be avoided with the strategy. Experiment was done to compare to DB-
SCAN and CFSFDP with 5 kinds of datasets. The results show that the improved algorithm has better performance in
accuracy and robustness,and can be applied in clustering analysis for low dimension data.
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