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Abstract UK-means algorithm is very sensitive to outliers in dealing with uncertain data,and the probability density or
distribution function of uncertain data must be acquired in advance. However, it is often difficult to obtain in practice.
For the shortage of UK-means in dealing with uncertainty measurement data, this paper firstly proposed a new algo-
rithm namely U-PAM, based on PAM algorithm and intervals, It describes the uncertainty of measurement data with in-
tervals reasonably and standard deviation so as to complete clustering effectively. Secondly, it is often difficult to cluster
for the massive of data. For this regard, accofding to sampling techniques, this paper proposed the UM-PAM algorithm
so as to deal with massive of uncertainty measurement data efficiently. It primary clusters sample data,and then clusters
overall. Finally, the U-PAM algorithm can analyze the clustering result by combining with the CH validity index to de-

termine the optimal clustering number. Experimental results show that the proposed algorithm can give effective cluste-

ring result obviously.
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