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Improved TextRank-based Method for Automatic Summarization
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Abstract The canonical TextRank usually only considers the similarity between sentences in the processes of automatic
summarization and neglects the information of text structures and sentence contexts. To overcome these disadvantages,
we proposed an improved method on the basis of TextRank, called iTextRank, by incorporating the structure informa-
tion of Chinese texts. iTextRank takes some important contexts and semantic information into consideration, including
titles, paragraphs, special sentences, positions and lengths of sentences, when building the network diagram of TextRank ,
computing the similarities of sentences and adjusting the weights of the nodes. We also applied iTextRank into the auto-
matic summarization of Chinese texts and analyzed its time complexities, Finally, some experiments were done. The re-
sults prove that iTextRank has higher accuracy rate and lower recall rate compared with canonical TextRank,
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