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Abstract

research areas. Traditional gray color histogram algorithm can not accurately describe the distribution of each color in

Image similarity algorithm has important significance in image recognition, image search engines and other

the image. To address this issue, an improved image similarity algorithm was proposed. It fuses texture feature of ima-
ge,and extracts image pixels’ feature information at various positions on the image by using gray level co-occurrence
matrix. Experimental results show that the method of fusing image texture features not only retains the characteristics
of efficient implementation of gray color histogram algorithm, but also.can improve the accuracy of the algorithm. In

practical application scenarios, we can adjust the weights of two kinds of algorithm to further improve the accuracy of

the algorithm,
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