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Abstract

near normalization to deal with some non-uniform datasets,it’s easy to cause the subsequent data mining (particularly

Traditional normalization method for continuous attributes is usually a linear transformation. When using li-

some mining methods based on distance) results are inaccurate enough for the interval of each data point in the local
space is too small. This paper suggested a nonlinear normalization based on data fitting, and we could find out the corre-
sponding nonlinear transformation function in the premise of not changing the distribution rules of data. According to
the function, we could nonlinearly zoom the data interval, expand the interval of dense data and shrink the interval of
sparse data at the same time. It can make the data mining more accurate, We used the neural network, SVM and KNN

combining with different data set to test. The results show that the error rate decreases and the F; measure increases at

the same time.
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