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Abstract

based on hybrid grain. The proposed model divides the resources to multiple grain including user information, tags and

To avoid the shortcomings of existing tag-recommendation system, we proposed a recommendation model

blog content. Then filtering personal information, analyzing personality tags, calculating user tag entropy and inline de-
gree, classification words, and extracting topic of micro-blog can proceed based on the divided hybrid grain. Through the
steps above, the proposed method can recommend associated personalized labels to users. By comparing the experimental
results, it shows that the proposed model can efficiently deal with the cold boot problem, improve the accuracy of tag

recommendation and insure the diversity of recommended labels.
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