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Semantic Similarity Computing Based on Community Mining of Wikipedia

PENG Li-zhen WU Yang-yang
(School of Computer Science & Technology, Huagiao University, Xiamen 361021, China)

Abstract Words semantic similarity computing has been widely used in natural language processing,such as word sense
disambiguation, information retrieval, text auto categorization. Different from traditional methods, we presented an algo-
rithm based on community mining of Wikipedia to compute words semantic similarity. Our method makes use of the
huge Wikipedia page network with category labels rather than its textual content. To get the community of a word
page, we applied the HITS, which is a community discovery algorithm based on the theme, to pages network. Based on
the gotten community, we measured the semantic similarity between two words from three aspects: (1) semantic rela-
tions between the two word pages, (2) semantic relations between the two communities of word page, (3) semantic rela-
tions between the categories which two communities belong to. Finally, tests on standard data sets WordSimilarity-353

show that the method we proposed is feasible and slightly better than some classic algorithms. In the best case, the

Spearman correlation coefficient reaches 0. 58.
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