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W E 4xadF FRIR(Visual Background Extractor, ViBe) Kk st A B R b s A B ES R E A YNk
Rl e s 488 T —Mited ViBe Hik, HE k4 AR EH LS B3 — 164824 X (Local Binary Similarity Pat-
tern, LBSP) B fe it /78 T @A, M TP LB Tied S, EHA EHHB IR T EAFBHH , e b il B
AR E, REBELETRITETANSBBTNRELERRGER AR BME, QB kG AAR kM EH TN
Fit., £ Change Detection dataset 2 &£ E# F B4 R AW, st B ¥ Bk feii b in b 2%, FIet e RiEB ik o #
LEBHRREREBBATZ, L L5 FTRAABELAKTHER N, L Fmeasure 354748 ViBe LR AT
19.29%.
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Background Subtraction Based on Color and Local Binary Similarity Pattern

REN Dian-yuan WANG Wen-wei MA Qiang
(Electronic Information School, Wuhan University, Wuhan 430072, China)

Abstract  As the ViBe(Visual Background Extractor) algorithm is not adaptable enough for illumination variation and
dynamic background, an improved ViBe algorithm was proposed. The new algorithm builds the background model with
color feature and local binary similarity pattern (LBSP) against illumination variation. A twice spatial diffusion process
is introduced to speed ghost-eliminating in the model-update phase. A self-adaptive threshold is obtained via the stan-
dard deviation of the current pixel and its neighborhoods in order to inhibit disturbances from dynamic background with
a more quick response. Experimental results on the Change Detection dataset show that the new algorithm can rapidly
suppress ghosts while keeping a slow inclusion of real static foreground objects and can adapt to complex dynamic back-
ground and illumination variatior. Compared with the ViBe algorithm, its F-measure is improved by 19. 29%.
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