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Abstract For the problem that the traditional background modeling results in empty hole and wrong shadow detection,
we proposed a dynamic background modeling method based on vector characteristics. Learning algorithm is divided into
two parts namely initial background model and updating background model. The initial background model maps the
RGB feature to the direction feature in spherical coordinates. K clustering centers are calculated by the lastest images
using the method of mean vector clustering algorithm,and the K clusters are considered to be the background model of
the pixel. When a new image’s corresponding pixel falls into any one of the K clusters, the new pixel is considered to be
background. The updating algorithm is the successor of the initial background model algorithm, Besides doing back-
ground analyse for the new image, it also uses the new image to update the background model. The algorithm can effec-

tively reduce the empty hole and wrong shadow detection,and can update the background timely when the scene chan-

ges.
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