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Abstract The Top-k query in the uncertain data set based on parametric ranking function has been focused in recent
years, This paper gave out a new solution. The tuples of uncertain data set is modeled as uncertain network, Top-k query
of the orderly tuples is transformed equivalently into uncertain measure relations of edges in corresponding sample fi-
gures, and the sample figures are classified according the ranking position of edge contained in them, So the Top-k query
in the uncertain data set based on parametric ranking function is transformed equivalently into different limited query
with different Top-k value, The proposed algorithm avoids calculating the ranking uncertain measure values of all tuples
in the sample figures,and improves the computation efficiency of Top-k query in uncertain figure, Theoretical analysis

and experimental results show that the proposed Top-k query algorithm can solve Top-k query calculation of uncertain

data from the uncertainty perspective,
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