43k oW

Vol. 43 No. 2
Feb 2016

OB MR %

Computer Science

2016 4 2 A

(BB R #ERARAEITENER K 410073)!

EF CPU/GPU BMIERXN TR EBRAXSK
HiEAEHREELH

FEE T RAEE AR AR
(FEARRAKRELZBRNESHTHARN B 065000)

i B EFRATGPUMNHAFHANETEBRXGEDLBRAAEHBLARBT RFHLANE, B KL
ERAFETRIAGRRBFH T ERBAZAHERYRBELZARIAFTROBBEI I TR EHLEREFA,
BEREENBT &Lk AS CPU/GPU R HAEX, 848 T /L4 E W54 F CPU/GPU R M X 04 & Likik
BERLBHRAARPNE; FEAHLFAEE N HAH A0, A F CPU/GPU F HEX £ T & Lk B
1% MNF W 469 34710, 813 5 $ 478 F R st £ 4449 OpenMP R AR X 26, i T FMEXE S S A E
BB LEE .

XgiA k&, CPU/GPU,OpenMP, MNF
hERSES TP391 XEAERIAES A DOI 10.11896/j. issn. 1002-137X. 2016. 2. 010

Hyperspectral Remote Sensing Image Data Processing Research and
Realization Based on CPU/GPU Heterogeneous Model

TANG Yuan-yuan’*? ZHOU Hai-fang' FANG Min-quan! SHEN Xiao-long'
(School of Computer Science, National University of Defense Technology,Changsha 410073, China)!
(Gold Geological Institute of CAPF, Langfang 065000, China)?

Abstract In recent years, the development of new high-performance heterogeneous computing based on GPU provides
good oppotunities in many application areas. Domestic and foreign remote sensing experts have started to introduce it to
solve the issues like computation intensive and difficult real-time processing caused by high-dimensional space features
of hyperspectral image. In this brief introduction to hyperspectral remote sensing and CPU/GPU heterogeneous compu-
ting model, we summarized hyperspectral data processing status and problems based on CPU/GPU heterogeneous pat-
tern in recent years,and for small desktop supercomputer with shared storage, realized parallelization of hyperspectral
imaging MNF dimensionality reduction on CPU/GPU heterogeneous model, and verified the development potential of

heterogeneous patterns in the field of hyperspectral remote sensing processing by contrasting with the sequential pro-

gram and OpenMP,
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