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Comparison of Chinese Anaphora Resolution Models

ZHOU Xuan-yu LIU Juan LUO Fei LIU Yang YAN Han
(Computer School, Wuhan University, Wuhan 430072, China)

Abstract The task of anaphora resolution is determining linguistic expressions that refer to the same real-world entity
in a text. Compared to the amount of research on English anaphora resolution, relatively little work has been done on
Chinese anaphora resolution. To our best knowleage, there is no fair comparison on the Chinese anaphora resolution
models, mainly because of the useage of different data and features. We aimed to gain insights into the factors that affect

the performance of the models and the advantages of each model via experiment with the same data and features in the
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ACE2005 Chinese corpus.
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MP 781 746 76.3 835 77.8 80.5

EM 79.6 785 79.1 84.2 79.5 B8LS

GoldMention RM 77.2  73.9 756 8L3 77.1 79.1
Unsupervised 68.9 63.1 65.9 77.6 69.3 73.2
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