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Kernel Canonical Correlation Analysis Feature Fusion Method and Application
XU Jie LIANG Jiv-zhen WU Qin LI Min

(Institute of Intelligent Systems and Network Computing,School of Internet of Things Engineering, Jiangnan University, Wuxi 214122, China)

Abstract A feature fusing algorithm based on kernel canonical correlation analysis KCCA) was constructed in this pa-
per, First,the image data are mapped through kernel function, and then two groups of feature vectors with the same pat-
tern are extracted and the correlation criterion function between the two groups of feature vectors are established. Se-
condly, two groups of canonical projective vectors are extracted according to this function. Thirdly, feature fusion for
classification is done by using proposed strategy. The advantage of the proposed algorithm lies in the following aspects,
Firstly, it suits for information fusion. Secondly,it eliminates the redundant information within the features,and it sim-
plifies the computation without decomposing the mapped matrix and gains more discriminated features. The results of
experiments on AR face database, PIE face database, ORL face database, Yale face database and UCI handwritten digit
database show that this algorithm is efficient and robust.
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