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Abstract The research and application of electronic data auditing are a hot topic in audit area. The arrival of the era of
big data is creating opportunities and challenges for electric data auditing practice and research. However, there are few
studies on this issue, In this paper, the importance of researching electric data auditing in big data environments was ana-
lyzed firstly. Then, the concept and principle of electric data auditing were analyzed. Then, opportunities and challenges
of electric data auditing in big data environments were studied. With the characteristics of big data existing and big data
analysis technologies and tools, methods of electric data auditing in big data environments were discussed. Finally, ad-
vices for implementing electric data auditing in big data environments were given. Research results in this paper can pro-
vide theory for implementing electric data auditing in big data environments,
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